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ALGORITHMIC GOVERNMENT- OF THE PEOPLE, FORTHE PEOPLE, BY Al?

This is Maxim Institute’s sixth discussion paper on artificial intelligence (Al). Its focus is on the
use of Al by government(s) and the controls around it. Moreover, by implication, and in a slightly
futuristic vein, it asks how much human participation in governing by public servants and MPs
is needed, and if this will decrease in the near future as machine intelligence matches human
capabilities. Will government be efficiently managed and executed by Al, and would such a
scenario benefit New Zealanders? And further, are we moving inexorably to a post-democratic
society characterised by fewer and fewer elected representatives, a small public service, and a
more informed, able, and better run government?
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The paper in summary...

Artificial intelligence (Al) in the public sector is shifting from isolated experiments to core administrative infrastructure.
By late 2025, governments in comparable jurisdictions—including the UK, Canada, and Australia—have steadily moved
toward system-level Al implementation, Al-integrated public registries, and workforce-wide Al adoption to address fiscal
constraints and rapidly rising information volumes.

This report analyses the transition through three normative frames:

1. DEl-oriented governance: focused on redress and participation.
2. Competitive national utility: focused on productivity, responsiveness, and state capability.

3. Conservative readings: focused on ordered liberty,* institutional continuity, and rule-of-law accountability.

Core argument

Aotearoa New Zealand should pursue a strategy of competitive national utility disciplined by conservative governance.
Constitutional norms, understood in the broadest sense, must be taken seriously. In practice, this means that the Treaty
of Waitangi operates as a standing constitutional constraint. Such an approach prioritises high-yield administrative
automation (document handling, triage, etc.) to increase state efficiency, while imposing institutional guardrails to
prevent post-democratic drift—a scenario where substantive decision-making authority quietly migrates from humans
to opaque Al systems.

Key findings

Value pool: the immediate and near-term utility of Al lies in internal operations and service delivery, not in autonomous
policymaking or governing.

Infrastructure shift: Western nations are rapidly establishing Al-enabled systems and frameworks (architectures) to
integrate Al into public administration, service delivery, and decision-making.

Risk: without prescribed governance, reliance on vendor-controlled models of Al integration creates strategic fragility
and sovereignty risks.

*

The principle that individual freedom must be balanced with, and is sustainable only within, the framework of social order, law, and the
common good—rather than an unrestrained licence that risks descending into chaos.

Algorithmic Government



Recommendations
The report recommends distinct operational mechanisms to implement Al strategy:

Bounded autonomy: implement “cognitive forcing functions™ in decision systems, requiring Al-powered tools used
for important choices (for instance, in government services or policies) to include built-in features that make users
pause and think carefully before accepting the Al’s suggestion. Humans are to record their independent judgement
before viewing an Al recommendation to prevent automation bias. Al reasoning is to be transparent for purposes of
review to ensure ongoing Al safety.

Procurement as governance: mandate “model portability” (the ability to transfer, export, or migrate an Al model—
including its weights, architecture, and associated data—to alternative providers, platforms, or in-house systems
without prohibitive technical, legal, or financial barriers) and “inspection rights™ in contracts to prevent vendor lock-in
and ensure that public servants and those governing can independently validate “black box” systems.

Workforce design: collaborate with aligned countries and explore opportunities to second critical Al-capability staff
in international contexts. Broad Al literacy development should shift focus from simple tool training to environmental
design that supports critical vigilance—staying alert and thoughtfully checking Al outputs—and independence,
encouraging employees to make their own judgement, keep final authority, and not become passive overseers of
automated systems.

Treaty operationalisation: institute obligatory “Maori data audits” for all systems to determine if they affect Maori
rights or interests, triggering specific partnership requirements.

Algorithmic Government ii



1.INTRODUCTION

1.1 State of play

Artificial intelligence (Al) is no longer a peripheral
experiment in government; it is becoming part of the
ordinary machinery of administration and policy in Europe,
North America, the Middle East, and Asia. Public-sector
Al already covers a wide range of functions— “predictive
policing, cyber-defence, adjudication of government
benefits and chatbots for answering citizen questions,”
as well as tools for “filling out, searching, and drafting
documents.” Mirroring the uptake of generative Al by the
public and businesses,? governments have moved from
isolated pilots toward issuing guidance and experimenting
with generative Al (GenAl) in routine public administration.?

A useful high-level account of why governments are doing
this appears in the OECD’s public governance work. The
OECD states plainly that “the use of Al by the public sector
can increase productivity, responsiveness of public services,
and strengthen the accountability of governments.” Such is
the core promise that drives a “competitive national utility”
policy approach: Al is treated as “a capability multiplier
that allows the state to do more with limited people and
budgets, especially where workloads are document-heavy
and repetitive.™

Fresh empirical mapping reinforces the findings that the
majority of current Al deployments sit in internal operations
and service delivery rather than direct policymaking. A
recent EU analysis of 250 cases found Al was “used mainly
to support improving public service delivery,” followed
by “enhancing internal management,” with relatively few
cases assisting policy decision-making.® This pattern
matters because it indicates where the near-term value
pool s likely to be found (process throughput and service
responsiveness) and where governance failures will
probably be felt first (administrative pipelines that affect
large numbers of people), with New Zealanders and their
neighbours across the ditch haunted by memories of
institutional IT failures from the past.’

At the same time, and of more significance, public-sector
Al is evolving from scattered projects into system-level
“architectures.” The General Services Administration (GSA)
Al Guide—written as a practical resource for US federal
leaders—expresses the operational motivation directly:
agencies face “increasing complexities... and increasingly
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large volumes of data,” and are “past the point where
human cognitive abilities can directly process and make
sense of all this information.” Rather disconcertingly, it
concludes: “The federal government needs Al,” because
“with thousands or millions of pages of documents, we
could never even try to hire enough staff to read through
them all.”

The same logic has increasingly extended beyond the US
into a broader trend toward “Al-enabled states,” where
digital public infrastructure, data-for-policy, algorithmic
decision processes, and GovTech service layers are now
interacting as an integrated system.”® These developments
do not occur in a vacuum. Al in government is being
introduced amid long-running institutional trajectories—
bureaucratic rationalisation, digital government reform, and
managerial performance pressure—and in an international
environment increasingly described in competitive and
survivalist terms.

The 2025 bi-weekly updates Maxim Institute has run
highlight Al adoption, and in some instances sharpen this
competitive picture. A White House executive order has
sought to pre-empt state Al regulations as “obstruction”
to a unified competitive national approach.” In the UK,
government has framed new partnerships with frontier
model developers (OpenAl, Anthropic, Google) as part
of national renewal and growth, including the planned
application of “Gemini for Government” to reduce
bureaucracy and automate routine tasks.” Canada,
emphasising Al’s utility, has placed public transparency
and planning at the centre of its approach through a
public Al register covering 400 uses of Al across federal
institutions.”™ Australia’s public service is now openly
curating practical examples via its GovAl use case library
and highlighting staff productivity and consistent service
response as core benefits." Singapore, for its part, is pairing
whole-of-government capability-building with formal risk
management instruments such as the Monetary Authority
of Singapore’s consultation on Al risk guidelines for the
financial sector.” Aotearoa New Zealand’s own digital
infrastructure choices are moving in the same direction:
the Govt.nz app is being positioned as a unified “front door”
for government services and will include a digital wallet
for credentials, with further features planned.”



Table 1. Summary of late-2025 and early 2026 developments in government Al adoption and governance

Jurisdiction

Development (late-2025 and following)

Policy position and relevance

United States ~ Federal move to pre-empt state Al

regulation

Illustrates competitive national utility framing:
centralisation justified as necessary to “win” and avoid
regulatory fragmentation (White House 2025)

United Partnership with Google DeepMind Illustrates a government-frontier-model compact,
Kingdom (“Gemini for Government”) linking Al adoption to state modernisation and
economic growth (UK Government 2025)
Canada Public Al Register Provides a concrete transparency and planning
instrument; useful comparator for NZ inventories and
registries (Treasury Board of Canada Secretariat 2025)
Australia GovAl Use Case Library and Australian Shows how a Westminster system is publishing
Public Service (APS)-wide Al practical use cases to move beyond pilots to
capability uplift normalise safe use (APS Academy 2025)
Singapore Monetary Authority of Singapore (MAS) Shows sectoral supervision for Al risk management,
consultation on Al risk guidelines including lifecycle controls and inventories (MAS
(financial sector) 2025)
Aotearoa Govt.nz app: digital wallet (credentials) Illustrates the digital public infrastructure layer on
New Zealand and future capability layer which citizen-facing agentic Al can be deployed (Govt.

nz 2025)

1.2 Problem statement

Discussion about Al in government is fragmented. “Al
governance” is frequently treated as a single technical
problem, when it is in fact a bundle of contested choices
about prior intellectual and philosophical operating
frameworks, values, institutions, accountability, and
power. Even the object of Al governance is unclear: is it
governing generative Al modelling (predictive, ranking,
classification, generative, etc.), data, organisational
practices, procurement pathways, or the relation and
distribution of authority between humans and systems?

At the same time, governments are both regulators and
users of Al That dual role creates an additional layer of
complexity: the state must set rules for others while also
governing its own adoption, including its own procurement
choices and risk tolerances.

More fundamentally, the use of Al in and by government
is normatively contested: there is no broad consensus
on whether, how, or to what extent governments should
integrate Al into their core functions. Thus, this report works
within three distinct frames that commonly underwrite
policy and practice:

DEl-oriented governance: Al as a tool for redress,
group-level fairness constraints, and participatory
legitimacy.
Competitive national utility: Al as an instrument
for capability, productivity, resilience, and strategic
advantage.

Conservative readings: Al assessed by its compatibility
with ordered liberty, institutional continuity, and rule-
of-law accountability.

The report also addresses a further issue in a forward-
looking and arresting scenario: whether incremental
expansions of Al autonomy could result in a post-
democratic settlement, where government is formally
democratic but substantively shaped by algorithmic
systems that humans supervise rather than truly control.

In Aotearoa New Zealand, these frames intersect with
Te Tiriti o Waitangi as a core constitutional context.
This introduces Treaty obligations—often expressed as
partnership, participation, and protection—and standing
constraints on what counts as legitimate data use, model
deployment, and automation in domains where Maori
rights and interests are engaged. The report does not treat
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these standing constraints as a subset of diversity, equity,
and inclusion (DEI) or as an optional add-on. This report
recognises that Treaty obligations are highly contested and
not the only constitutional constraint on Al deployment.
However, they are salient and illustrate a fundamental
challenge presented by emerging technologies: in many
respects, social institutions and norms are downstream
from material, technological developments.

In short, rapidly advancing technology raises existential
questions for many of the political and social structures
we take for granted.

1.3 Research questions
The report addresses four primary questions:

1. Framing: How do different normative frames—DEI-
oriented, competitive-utility, and conservative—
interpret Alin and by government, and what do they
imply for policy design?

2. Practice: How are governments in Aotearoa New
Zealand and the reference countries (Singapore,
UK, Australia, Canada, and the US) actually using Al,
and what are the dominant domains of deployment?

3. Governance and limits: What governance
mechanisms are being used to manage risk,
accountability, and legitimacy, and what do recent
developments show about the drift from Al as
decision support toward more agentic systems?

4. Aotearoa New Zealand implications: Given Aotearoa
New Zealand’s scale, institutional character, and
Treaty obligations, what approach best preserves
the upside of Al for state capability while avoiding
institutional erosion and post-democratic drift?

1.4 Contribution and approach

Methodologically, the report is comparative and document-
based. It combines (i) ideal-typical framing; (ii) structured
comparison across six reference countries; (iii) synthesis of
academic and policy literature; and (iv) the incorporation
of bi-weekly scan findings from the last six months in an
attempt to keep the empirical picture current (though in
this field, innovation and change are very fast-moving).

It applies cross-cutting evaluative criteria: risk governance

and assurance, administrative capacity, rule-of-law
compatibility, and political economy. It also raises
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questions about the constitutional implications of Al: New
Zealand’s constitutional framework, inherited via British
colonisation and embedded via Te Tiriti 0 Waitangi, is a
standing constraint.

1.5 Structure of the report

Section 2 sets out more fully the methods and approach
of this research report, including the three frames, the
country comparison template, the cross-cutting evaluative
criteria, and the Treaty/te ao Maori constitutional context
for Aotearoa New Zealand. Section 3 examines DEI-oriented
Al governance. Section 4 explores Al as an instrument of
competitive national utility, foregrounding the merits of
productivity, capability, and resilience while treating risks
as constraints. Section 5 presents conservative readings
of Al'in government, emphasising how institutional design
can stabilise Al adoption and preserve accountability.
Section 6 turns to post-democratic trajectories,
analysing how incremental expansions of Al autonomy
could displace substantive human agency. Section 7
provides a comparative synthesis across Aotearoa New
Zealand and the reference countries. Section 8 sets out
recommendations for Aotearoa New Zealand. Section 9
offers a concluding note.



2.METHODS AND APPROACH

This report is a comparative, conceptual, and normative
analysis of (1) Al in government (public-sector adoption and
use) and (2) Al for governing (the strategies, standards, and
regulatory arrangements that condition how Al is used).
It does not present new fieldwork or original quantitative
modelling. Instead, it synthesises empirical studies, policy
documents, and conceptual work to clarify the current
frames through which governments are adopting and
governing Al, and to draw implications for Aotearoa New
Zealand’s choices.

Methodologically, it combines (1) ideal-typical framing,
(2) structured, focused comparison across a small set
of reference countries, (3) document-based analysis of
strategies, legislation, standards, and official reports
(including bi-weekly scan updates), and (4) cross-cutting
evaluative criteria and governing considerations focused
on risk governance, administrative capacity, rule of law,
political economy, and—specifically for Aotearoa New
Zealand—Treaty obligations as a standing constraint.

Table 2. Ideal-typical frames for Al in and by government

Dimension DEIl-oriented frame

frame

Competitive national utility

2.1 Ideal-typical frames

The core of the approach is ideal-typical framing: the
report uses three distinct frames as analytical tools to
review real-world policies, strategies, and deployments.
These frames are not empirical categories into which
each country fits neatly; rather, they capture recurring
rationales and priorities that appear in mixture across
differing jurisdictions and institutions.

The framing is necessary because Al governance is not
purely a technical set of decisions: global governance
debates themselves are “key sites of regulatory
contestation,” and even the basics—“what exactly the
‘it" is that is being governed, how, by who, and why”—are
often unclear.” The report uses three referents:

DEl-oriented governance: Al is assessed primarily
through fairness, non-discrimination, representation,
and participation, requiring explicit fairness constraints
and impact assessments in areas where many people
can be detrimentally affected.

Competitive national utility: Al is treated as a
strategic resource for state capability, productivity,
resilience, and strategic advantage under conditions
of complexity and rivalry.

Conservative frame

Primary Who is disadvantaged and how  How can Al increase state How can Al be used without

question can Al correct this? capability, productivity, and eroding law, institutions, and
resilience? human responsibility?

Purpose of Equity, redress, group-level National power, efficiency, Ordered liberty under stable

state fairness security, prosperity, and growth law and institutions

Main Al aim Bias correction, equitable Throughput, quality, foresight, ~ Accountability, contestability,

outcomes, participation

enforcement capacity

continuity, bounded
automation

Typical focal
values

Fairness, inclusion,
representation

Efficiency, effectiveness,
strategic advantage

Legality, the strength of the
institutions of civil society,
responsibility, prudence

Merits (if well

Makes racial, gender, sexual

Clear productivity gains;

Stable adoption; clearer

executed) orientation, age, disability, and  stronger risk detection; better ~ accountability; protection
socioeconomic bias visible; analysis against drift
forces explicit goals
4 Algorithmic Government



Conservative readings: Al is judged by its compatibility
with ordered liberty, institutional continuity, human
responsibility, and rule-of-law accountability.

To keep the frames relevant rather than irritatingly
rhetorical, Table 2 sets out their distinguishing features
and recurring tensions.

2.2 Case selection and time frame

Aotearoa New Zealand is the report’s primary case study.
Itis our nation. It is small with limited administrative scale,
strong accountability expectations, and a highly distinctive
constitutional context shaped by Te Tiriti o Waitangi.

The reference countries—Singapore, the United Kingdom,
Australia, Canada, and the United States—are selected
because they are active adopters of public-sector Al,
publish their governance instruments (that can be analysed
as texts), and represent different regulatory cultures and
institutional designs.

The time frame is broadly 2022-2026. This captures the
post-2022 generative-Al inflection and the observable shift
from pilots to platforms, registers, and workforce-wide
programmes. It also aligns with the emergence of Al-
enabled state architecture frameworks, which argue that
Al transformation is not simply “enhancement to existing
systems” but that importantly it reshapes relationships
between infrastructure, data, decision authority, and
service delivery.”

Algorithmic Government

2.3 Structured, focused comparison
template

The report employs a structured, focused comparison
template: the same questions are applied to each country
to keep comparisons consistent. For each jurisdiction,
the report asks:

Aims: What explicit goals are attached to Al in
government—equity, efficiency, security, innovation,
trust?

Domains: Where is Al actually used (internal operations,
service delivery, case processing/eligibility, policymaking
support, risk monitoring, oversight)?

Instruments: What governance mechanisms exist—
laws, strategies, standards, guidelines, ethics
frameworks, procurement rules, registers, evaluation
mechanisms, international agreements?

Capacity: What infrastructure, data governance,
workforce capability, institutional support, and
procurement frameworks exist to make widespread
adoption feasible?

Dominant frame mix: Which of the three frames
described above best captures the dominant orientation
of a government, and where are the tensions?

Trajectory risk: What is the direction of travel—Al
as support (with algorithms) or partial authority (by
algorithms)—and what guardrails exist?

To keep “domains” concrete, the report also draws on
public-sector functional taxonomies that map where
Al sits in government. For example, the Algorithmic
State Architecture (ASA) positions transformation as a
coherent system of interdependent layers—Digital Public
Infrastructure, Data-for-Policy, Algorithmic Government/
Governance, and GovTech—rather than parallel
developments.>®



Table 3. Functional domains for mapping Al use in government

Functional domain

Typical Al use (illustrative)

Why it matters (evaluative focus)

Internal operations
analysis, routing, drafting

Document summarisation/classification,

Productivity gains; auditability; staff
capability

Service delivery

slots for in-person services)

Citizen chatbots, forms assistance,
appointment systems (online platforms
enabling citizens to book, modify, or cancel

Trust, accessibility, errors in public-facing
outputs (responses from chatbots—
textual answers to queries on benefits,
taxes or regulations—summaries of
information, drafted letters, personalised
recommendations, etc.)

Case processing/
eligibility

Triage, risk flags, evidence extraction

Fairness, contestability, autonomy
thresholds (the limits on an Al system’s
independence in decision-making,
calibrated to the risk posed to human
agency, safety or fundamental rights)

Risk monitoring and

enforcement alerts

Fraud/anomaly detection, compliance

Integrity, proportionality (that the
deployment, oversight, and intrusiveness of
Al systems be calibrated strictly to the risks
and benefits involved), false positives

Policymaking support

responses), scenario modelling

Consultation mining (extracting insights
from large volumes of public consultation

Transparency of reasoning; democratic
legitimacy

Oversight and audit

Model monitoring, decision-pattern analysis

Rule-of-law safeguards; institutional
capacity

2.4 Data sources: scholarship, policy
texts, and bi-weekly scan updates

The report draws on three types of sources:

Academic and conceptual literature on Al governance
and public administration, including systematic
reviews, conceptual frameworks, and empirical studies
of adoption and human-Al interaction in decision-
making.

Policy and governance instruments, including national
Al strategies, public service Al frameworks, technical
standards, guidance on public generative-Al tools,
Al registers, safety institute materials, procurement
instruments, and international declarations.

Bi-weekly scan updates from reputable sources
(government releases, major media, high-quality
policy analysis, and institutional publications).

The scan approach has been used in this instance to
discover new material that adds value beyond the static
literature—especially the move from pilots to platforms,
registries, and workforce-wide programmes. The late-2025
and early 2026 updates are treated not as news trivia but
as evidence of structural shifts (see Table 1).

2.5 Cross-cutting evaluative criteria
and governing considerations

Ideal-typical frames discipline this research paper, but
it evaluates each country’s overall position using cross-
cutting evaluative criteria. These also function as governing
considerations when we formulate recommendations:

Risk governance and assurance: how risks are
identified, mitigated, monitored, and audited across
a lifecycle; how autonomy is scaled to stakes; and
what evaluation processes exist.

Algorithmic Government



Administrative capacity: data quality, infrastructure,
skills, change management, procurement and vendor
management, and the ability of oversight institutions
to closely scrutinise Al use.

Rule of law: legality, transparency, contestability,
reasons-giving, and remedy; whether governance “by
algorithms™ undermines conventional accountability.

Political economy: vendor dependence, platform
chokepoints, incentives for symbolic adoption,”
regulatory fragmentation, and centralisation versus
local autonomy.

These criteria also reflect the basic insight that Al in
government is not only a technical artefact but an
institutional practice, embedded in procurement
relationships and governance practices. Thus, Veale, Matus,
and Gorwa caution that Al ethics principles can become
“industry self-regulation” and urge analysts to keep asking
“Who benefits?”#

2.6 Limitations and normative
character

This report is document-based; it does not include new
interviews, confidential procurement information, or
internal performance metrics for specific systems. The
bi-weekly scans capture major and credible developments
but do not claim to offer comprehensive analyses across
all national agencies and subnational bodies. Ideal-typical
framing necessarily simplifies the intricate mixture of values
and incentives that shape policy, but that said, it still offers
comparative clarity.

The report is normatively explicit. It reports DEI-oriented
governance objectively, but by preference places greater
weight on competitive national utility and conservative
readings when developing recommendations for Aotearoa
New Zealand.
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2.7 Te Tiriti o Waitangi and te ao
Maori as constitutional context and
standing constraints

For Aotearoa New Zealand, Te Tiriti o Waitangi and te ao
Maoriare treated as constitutional contexts and constraints
that modify how all three frames should be applied. Treaty
obligations introduce questions that resist generic fairness
metrics or conventional privacy compliance: partnership,
participation, protection, Maori authority over data, and
the taonga status of Maori data and knowledge.

Such a claim is not speculative or evasive. The nation’s own
digital government guidance states: “We honour te Tiriti
— the public service digital workforce understands Maori
datais ataonga and is protected under te Tiriti o Waitangi,
including upholding the rights and interests of Maori in
the collection, ownership and application of their own
data.” Moreover, Maori data sovereignty principles define
Maori Data Sovereignty as the inherent rights and interests
Maori have in relation to “the collection, ownership, and
application of Maori data,” and Maori Data Governance as
the principles and structures through which Maori exercise
control.

Operationally, this means that whenever public-sector
Al systems are trained on, infer from, or materially affect
Maori data or Maori communities—particularly in domains
such asjustice, welfare, health, education, environmental
regulation, and Treaty-relevant resource management—
the evaluation must consider Treaty obligations and Maori
governance expectations.

Maori data sovereignty claims are historically derived
constitutional rights under Te Tiriti o Waitangi. They
should not be confused with equity concerns grounded
in a DEI frame. Comparisons with international examples
of indigenous data governance frameworks may prove
generative; however, they cannot provide normative
grounds for rights claimed under the Treaty.?



3.DEI-ORIENTED Al
GOVERNANCE

The first influential framing, DEI, casts Al in government
as an instrument for redress and recognition. The central
worry is that administrative systems already produce
uneven burdens, and that automation will scale those
burdens unless fairness and participation are treated as
governing considerations from the start. In public-sector
settings, the concern is not only model accuracy but
the interaction of Al with institutional power, because
“Al decision-making is a political necessity as it entails
exercising power over citizens.”®

DEl-oriented governance typically appears as part of
“responsible Al” practice. One widely cited definition
frames responsible Al governance as “a set of practices
for developing, deploying, and monitoring Al applications...
over the entire lifecycle.”” In DEl-oriented policy and
oversight, this definition matters because it signals that
fairness is not an after-the-fact audit but a pressing,
continuous requirement at every level of design,
deployment, monitoring, and corrective action.

3.1 Core commitments and recurring
principles

DEl-oriented governance generally insists on three
commitments:

First, fairness and non-discrimination must be
operationalised, not merely affirmed. Responsible Al
frameworks commonly list “democratic participation,
equity, [and] diversity inclusion” among core principles.”
Here, mandating concrete evaluation methods becomes
the standard: verifying that the information used to teach a
system reflects the whole population; monitoring for results
that might unfairly harm specific groups—an essential
safeguard; and establishing rigorous inspection steps
before using technology in life-altering situations.

Second, participation is treated as a legitimacy
requirement. In the generative Al context, the governance
literature explicitly stresses the need for “innovative and
inclusive approaches” so that development aligns with
“societal values,” while also highlighting the shortcomings
of technocratic, utilitarian governance and the need for
broader stakeholder participation.? In practical terms,
DEI governance asks: who is affected, who is consulted,
and who has standing to contest the system’s design and
effects.

Third, the frame is attentive to “power asymmetries.”s°
Public agencies often rely on vendors and inherited
procurement arrangements that restrict transparency
and constrain agency leverage. In one empirical study of
social-services agencies, decision-makers reported that
procurement contracts can “disincentivise private entities
from being transparent™ about model development and
evaluation.® Analysts hold that this is a DEI-relevant point
because opaque systems disproportionately harm those
least able to contest decisions.

3.2 Typical governance mechanisms

In practice, DEI-oriented governance tends to rely on a
repeatable set of mechanisms that can be understood as
governing considerations that constrain adoption. Table
4 summarises the most common instruments and the
specific problems they are meant to address.
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Table 4. DEI-oriented governance mechanisms in public-sector Al

Governance mechanism

What it tries to prevent

Practical implementation signal

Bias/disparate impact

testing unequal burdens

Systemic discrimination and

Pre-deployment testing and post-deployment
monitoring for group outcome differences

Data representativeness
checks

“Automating inequality” via
biased historical data

Documentation of data provenance and sampling
gaps; targeted data improvements

Stakeholder participation
processes

Legitimacy deficit;
“participation-washing”

Early-stage engagement with affected communities
and feedback loops after deployment

Transparency and

documentation weak contestability

Opaque decision grounds and

Public-facing system summaries; internal
documentation; explainability thresholds

Redress and escalation
pathways

Harm without remedy

Human review, appeals, audit triggers, incident
response

This list overlaps substantially with general “responsible
Al” governance. The key DEI distinction is what counts as
failure: not only technical malfunction, but biased burden
distribution, exclusion, and unaccountable power.

3.3 Participation and implementation
reality

While DEI discourse emphasises participation,
implementation evidence shows how difficult it is to realise.
In Kawakami et al.’s study, agencies reported “barriers
and disincentives” to involving impacted communities
and described leaders feeling “ill-equipped” to decide
“how to mitigate power imbalances” in community
involvement.® Participants also described the lack of
available standardised routines and internal support
systems—the mechanisms that would help achieve the
goal of “true participation.”

This matters for DEI governance because it highlights a
practical risk: agencies can default to consultation “theatre”
when they lack time, money, and internal expertise for
real participation. The same study’s “power-conscious”
recommendations explicitly warn against “participation-
washing” and argue for leadership training so managers and
staff can create conditions for meaningful collaboration.®
In other words, participation is not a checkbox; it is an
organisational capability with real costs.
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3.4 Human factors: bias does not
necessarily disappear when Al
operates as “decision support”

DEI framing often assumes that using Al as a decision aid
can reduce human bias. However, human-Al interaction
research shows that bias can persist or reappear through
how people use model outputs. In the public decision-
support context, “automation bias refers to undue
deference to automated systems,” and is manifest as “the
use of automation as a heuristic replacement for vigilant
information seeking and processing.”*

This creates a risk that even a fairness-audited model
can produce unfair outcomes when public servants defer
uncritically under workload pressure. The same work also
identifies a second risk: selective use of algorithmic advice
when it matches stereotypes. The authors explain that
decision-makers may adopt algorithmic advice “selectively,
when it matches pre-existing stereotypes” about decision
subjects.¥ This directly bears on DEI governance because
itimplies that fairness is not only a property of the model,
but of the full sociotechnical system—interfaces, workload,
personnel, training, and institutional incentives.

3.5 Trade-offs and limits

DEI governance tends to broaden the set of objectives
agencies must satisfy, which creates predictable trade-
offs. Papagiannidis et al. note that “the diversity and
breadth of responsible Al principles” make it challenging
to implement practices that cover “a variety of goals,”



and they warn that a “principles-first approach may prove
counterproductive.”® For a small public service, thisis not a
theoretical objection; it is an administrative constraint that
can turn governance into paperwork unless agencies invest
in the skills and tooling required for securing effective work.

There is also a deeper tension between DEI objectives
and broader public values. Hjaltalin and Sigurdarson
observe that “While efficiency and service delivery
dominate the discourse, citizen engagement remains
underemphasized.”® In this report, that tension is
treated as real: DEI considerations function as genuine
constraints and tests, while the primary recommendations
are weighted toward competitive utility and conservative
governing considerations.

3.6 DEI, indigenous rights, and
Te Tiriti 0 Waitangi

In Aotearoa New Zealand, DEl-oriented governance
overlaps with but does not exhaust the governing
considerations introduced by Te Tiriti o Waitangi. Often,
public discussion poorly distinguishes between the two.
DEI frameworks typically focus on fairness between groups
and on participation in decision-making; those concerns
remain relevant, especially given the exposure of Maori
to certain state systems (e.g., justice and social support).
Where DEI commitments are strongly emphasised, Te
Tiriti, or Maori interests generally, are listed among a host
of other equity concerns. These may include other racial
inequity or environmental and class concerns.

However, Treaty obligations introduce standing constraints
that go beyond generic fairness metrics: partnership,
participation, and protection in the Crown-Maori
relationship, and questions about Maori authority over
data and taonga. Accordingly, this report treats Treaty
obligations and te ao Maori not as a subset of DEI, but
as constitutional context that modifies how all three
frames apply in Aotearoa New Zealand. DEI remains
a reasonable set of evaluative criteria—especially
for monitoring disparate impacts and participation
failures. Treaty obligations add distinct requirements
about legitimacy, governance, and authority, which are
addressed explicitly in the Aotearoa New Zealand analysis
and recommendations.
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4. AlAS AN INSTRUMENT OF
COMPETITIVE NATIONAL
UTILITY

Asecond framing treats Al in government as an instrument
of competitive national utility—a means of increasing
a nation’s capability, productivity, and resilience under
conditions of complexity and rivalry. The OECD states
this ambition in plain terms: “the use of Al by the public
sector can increase productivity, responsiveness of
public services, and strengthen the accountability of
governments.”#°

This framing is not primarily about innovation and novelty;
it is about capacity. Governments face rising expectations,
persistent backlogs, and information volumes that human
teams cannot process fast enough, and Al is presented as
a way to recover administrative throughput with a smaller
workforce or at the very least without proportionate
increases in headcount.*

4.1 The competitive-utility value
proposition

At its best, the competitive-utility narrative is a three-part
claim: Al improves

productivity (more output per unit of labour)

responsiveness (faster, more tailored service delivery),
and

accountability (better detection of anomalies, fraud,
and governance failures).

The OECD explains the productivity mechanism as turning
data into operational advantage: Al systems can “gain more
granular insights into user needs and identify patterns”
in order to target interventions more effectively, while
internal operations improve through “automating complex
but repetitive administrative processes” to “free up the
time of skilled civil servants™ and support reliable service
delivery.” In this framing, Al is not merely “automation”;
it is organisational leverage: shifting staff time away from
clerical bottlenecks toward tasks that require judgement
and interaction.

US federal guidance advances the same argument in
operational language. The GSA Al Guide notes that agencies
face “increasing complexities and interdependencies” and
“increasingly large volumes of data,” concluding that “we
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are past the point where human cognitive abilities can
directly process and make sense of all this information.”*
It then states the striking thesis sentence without hedging:
“The federal government needs Al.”#* The competitive-
utility frame treats this as a structural reality: modern
government is information-intensive, and the state
either acquires machine intelligence support to process
that information or accepts persistent administrative
underperformance and rising costs.

4.2 Case processing as the first large,
bankable value pool

The strongest near-term competitive-utility case
appears in case processing and related administrative
pipelines: eligibility checks, file summarisation, routing,
standard correspondence, and compliance workflows.
Boston Consulting Group (BCG) frames the promise in
maximalist terms: “Generative Al is the ideal resource to
help reshape core government processing functions.”#
They then quantify the benefit: applied to areas like case
processing, governments “can save up to 35% of budget
costs in impacted areas over the next ten years.”*

Those estimates are not a proof that every ministry or
agency will achieve such savings, but they demonstrate
how the competitive-utility narrative is routinely expressed:
Al is treated as a budget-and-throughput lever large
enough to matter at national scale. BCG also provides
a crucial implementation insight that fits the governing
considerations around administrative capacity: most work
is not modelling; it is organisational change. The report
states that in many Al transformations “70% of the efforts
are focused on people and process improvements.” This
aligns with the practical observation that public-sector Al
projects fail to scale less often because the modelis “bad”
than because workflows, incentives, data quality, and staff
training do not change. For Aotearoa New Zealand, this is
a decisive point: competitive utility will not be realised by
procurement alone; it depends on process redesign and
the management and quality of staff.

4.3 How much can be supported by
GenAl, and why it differs by domain

The Alan Turing Institute provides a task-based estimate
that gives competitive-utility claims empirical shape:
“approximately 41% of public sector time is spent on
activities that could be supported through the use of



generative Al,” ranging from 49% in Education to 33% in
Healthcare.* This is arguably a conservative estimate given
current advances in machine intelligence, but, in relation
to this report, it does not constitute a claim about job
replacement; it is an observation on where time is spent—
drafting, summarising, record-updating, scheduling, and
information retrieval. It implies that even partial support
across those tasks will generate substantial capacity gains.

The same study also argues that to “scale at speed” is
not always wise. It warns that a “blanket, one-size-fits-all
approach to adoption... would likely lead to unintended
consequences,” producing missed opportunities in
some domains and disorganised uptake in others.*® For a
competitive-utility strategy, this implies portfolio discipline:
select high-yield workflows, pilot rapidly, scale where gains
persist under real-world constraints (security, privacy, low
error tolerance), and avoid trying to automate everything
at once.

4.4 From pilots to capability:
architecture and integration

Competitive national utility—the capacity for a government
to provide reliable, large-scale digital services—is not
achieved by isolated projects; it depends on a coherent
architecture that ties infrastructure, data, algorithmic
processes, and service delivery together. Establishing
such a system ensures that technology serves the public
interest consistently rather than functioning as a series of
disconnected tools.

Engin et al. propose an “Algorithmic State Architecture
(ASA), a novel four-layer framework” that conceptualises
how “Digital Public Infrastructure, Data-for-Policy,
Algorithmic Government/Governance, and GovTech
interact as an integrated system in Al-enabled states.”®
They then make the key systems claim: each layer “builds
upon and enables the capabilities of others, creating a
coherent whole that is greater than the sum of its parts.”
To understand this framework, one may view it as a
building: the foundation consists of digital identity and
secure channels, while the upper floors represent the
specific applications citizens use to access benefits or
information.

The logic of competitive utility expresses itself
architecturally: without foundational infrastructure and
disciplined data governance, algorithmic deployments will
remain stuck at pilot level or degrade under operational

stress. An algorithmic state architecture approach
also highlights a common failure mode—a pattern of
predictable errors—where governments treat technological
elements as separate domains. When ministries and
agencies operate with distinct governance frameworks
and weak integration, the result is often “implementation
failures, governance gaps, and missed opportunities.”?
Such fragmentation prevents a government from using
information effectively to meet the needs of its citizens.

4.5 Governing considerations for
scaling competitive utility

Competitive utility’s method is not “adopt Al at any
cost”; it is more in the style of “capture high-benefit uses
while preventing predictable failure modes.”> Here, two
governing considerations are decisive: vendor dependency
and assurance capacity. On vendor dependency, the GSA
Al Guide warns that even when commercial products
exist, relying too heavily on external parties creates “a
major operating risk for an agency’s core functions.”* It
argues government agencies should “focus on building
their own sustainable institutional Al capability” and
should not “overly rely on external parties such as vendors/
contractors.”® This is a type of competitive-utility reasoning
that is not just moralising against private enterprise; rather,
it posits that a state which cannot evaluate, govern, and,
where necessary, replace vendor systems is strategically
fragile.

On assurance capacity, the OECD’s stance, for instance,
is explicitly upside-weighted: “understanding, promoting,
and enabling the positive aspects of using Al, rather than
only preventing the negative ones, will remain a priority,”
because risk-only framing can deter “high-benefit, low-
risk uses of Al to improve public services.”*® Competitive
national utility therefore requires a practical assurance
stance: not blanket bans, but risk-tiered governance
that enables scaling where stakes are low and guardrails
effective.

To make these claims concrete, Table 5 summarises
the competitive-utility value chain—benefits, enabling
conditions, governing considerations, and typical evidence
sources.
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Table 5. Competitive national utility: benefits, enabling conditions, and governing considerations

Element What it means in practice

Productivity gains

Faster document handling, reduced backlogs, lower clerical workload

Service responsiveness

Faster citizen interaction, improved routing/triage, proactive support

Accountability uplift

Better anomaly detection, integrity checks, audit support

Enabling conditions

Data-for-policy maturity; secure service channels; staff training

Governing considerations

Vendor dependence; lifecycle assurance; autonomy proportional to stakes

4.6 Late-2025 developments that
reinforce the competitive-utility
trajectory

The most recent bi-weekly updates strengthen the
competitive-utility story in two ways: (i) governments
are shifting from pilots to platforms, and (ii) they are
explicitly centralising or coordinating adoption to avoid
fragmentation. In the UK, government-frontier-model
partnerships are being framed as tools for modernising
public services and reducing bureaucracy (“Gemini for
Government”™), reinforcing the idea that Al capability is
now part of a state upgrading strategy."

In Canada, the public Al Register is explicitly tied to
planning and efficiency: it makes visible what exists across
institutions, enabling reuse and reducing duplication.®® In
Australia, GovAl's public use case library is designed to
move agencies from scattered experimentation to shared
solutions and workforce capability uplift.>® In Aotearoa
New Zealand, the Govt.nz app roadmap signals that
citizen-facing Al will likely be layered onto a unified digital
public infrastructure channel, shifting Al from “tools inside
government” to “interfaces between state and citizen.”s®
These are not marginal developments. They indicate a
structural transition that competitive-utility strategies
require: shared platforms, inventories, and workforce-
wide normalisation.

Moreover, recent US developments show how the
competitive-utility posture is now being translated into
hard procurement controls for large language models. In
December 2025, the Office of Management and Budget
issued Memorandum M-26-04, requiring agencies
to update procurement policies so that contracts for
LLMs include requirements aligned with “Unbiased Al
Principles,” and to establish user reporting processes for
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violating outputs, with a compliance deadline of 11 March
2026.° This illustrates a key dynamic for public-sector Al:
governments do not only scale adoption; they increasingly
attempt to define acceptable model behaviour through
procurement instruments that sit upstream of technical
implementation.®

4.7 Implications for later sections

The evidence supports a clear conclusion: competitive
national utility is now a mature policy rationale with (i)
plausible high-yield use cases, (ii) empirical task-exposure
estimates, and (iii) observable institutional scaling. The
remaining question is governance design: which governing
considerations preserve the upside while limiting drift into
opacity, risky autonomy, or strategic fragility. That question
is addressed next through the conservative frame, and
then stress-tested through a post-democratic scenario,
before being translated into Aotearoa New Zealand-specific
recommendations that incorporate Treaty obligations
and te ao Maori as constitutional context and standing
constraints.



5. CONSERVATIVE READINGS OF
AlIN GOVERNMENT

A third framing evaluates Al in government through the
governing considerations of ordered liberty, institutional
continuity, and human responsibility. It begins from a hard
premise: administrative Al is not “just software,” because
“Al decision-making... entails exercising power over
citizens.”® On this view, the central question is not whether
Al can improve outputs, but whether it can be integrated
without eroding the conditions of lawful and accountable
government, and institutional relations: reasons-giving,
contestability, remedy, identifiable responsibility, and the
“little platoons™ or institutions of civil society.®

This frame is not anti-Al. Its advantage is that it can make
Al adoption durable: it shifts the focus from pilots and
hype to enforceable governance, institutional capability,
and explicit boundaries on automation. Such is especially
valuable in small states like Aotearoa New Zealand, where
reputational failure can freeze adoption for years and
where vendor dependency can quietly become a structural
constraint on sovereignty.

5.1 From principles to enforceable
governance

A recurring conservative diagnosis is that principle
statements do not govern by themselves. In a literature
review on Al governance, Birkstedt et al. note that
“principle-based ethics provide limited assurance that
the principles are met in practice,” because principles often
focus on the “what” rather than the “how,” and therefore
“must also be enforceable through governance.”

The conservative value of this point is practical: where DEI
and “trustworthy Al” manifest as lists, the conservative
response is institutionalisation—standards, auditability,
decision rights, and accountability structures that survive
political cycles. This also clarifies why conservative
governance is compatible with scaling. It does not treat risk
management as an obstruction; it treats it as the condition
for continued adoption. In practice, it means building the
same disciplines that high-reliability organisations require:
clear responsibility, controlled change, monitoring, and
incident response—particularly where systems drift over
time or behave differently in edge cases.

5.2 Human oversight, bounded
autonomy, and democratic control

Conservative readings are particularly concerned with the
distribution of agency between humans and systems. Engin
etal’salgorithmic framework describes the Process Layer
(Algorithmic Government) as implementing “Al-enabled
decision-making and algorithmic automation... while
maintaining appropriate human oversight.”® They add that
success depends on “well-designed transfer mechanisms”
so systems can hand over to human operators when
they hit edge cases.®” This is exactly the workings of a
conservative framework in operational form: automation
is permissible where humans remain responsible and
can intervene meaningfully, and where the institutions of
society are thus strengthened and preserved.

Algorithmic state architecture also embeds a broader
constitutional point: it elevates accountability as a design
principle, stating that it “ensures the preservation of
human oversight and democratic control throughout the
system.”®® In its recommendations, it makes the governing
consideration explicit: “Maintain democratic oversight:
Ensure that Al-enabled transformation strengthens rather
than undermines democratic accountability.”®® This
provides a clear conservative criterion for evaluating high-
stakes uses: does the system increase a state’s capacity
while leaving authority visible and contestable, or does it
smuggle decisions made into opaque pipelines?

5.3 The human factor: decision-
makers as safeguards, and the limits
of that hope

A common reform claim is that “humans in the loop” solves
the legitimacy problem. Conservative analysis is sceptical
of that slogan, because it is easy to keep formal human
sign-off while eroding substantive human judgement. Alon-
Barkat and Busuioc note that in the “rise of algorithmic
governance,” human decision-makers are treated as
“important safeguards,” but they argue it becomes “critical”
to discover whether “our cognitive limits allow us to act
as effective decisional mediators.””
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Their work defines automation bias as “a well-documented
human propensity to automatically defer to automated
systems” despite warning signals or contradictory
information.” For conservative governance, the implication
is not “ban decision support,” but strengthen governing
considerations that protect judgement: training, slowed
decision tempos in high-stakes contexts, structured
override requirements, and auditing of when staff
follow or reject algorithmic advice. It also reinforces
why contestability matters: if an affected person cannot
challenge the grounds of a decision, then “human oversight”
becomes a paper shield.

The caveat on this is whether humans are, or will be in
the near future, capable of following the processes of
algorithmic reasoning and be able to better its judgements.
While the concern to detect and deflect bias is laudable,
it might prove impossible.

5.4 Institutional capability and
vendor dependence as governance
problems

Importantly, conservative readings treat procurement and
capability as governance questions, not back-office details.
The US General Services Administration’s Al Guide warns
that even if an agency can find an adequate commercial
off-the-shelf product, “using it would be a major operating
risk for an agency’s core functions to rely so much on
external parties.”” This is not ideological posturing; it is
a sovereignty and continuity argument. When core state
functions rely on vendor-controlled systems, a nation’s
ability to change, contest, or disengage with those same
systems becomes structurally constrained.

The same conservative logic also applies to the
“phantomisation” of government Al: shared platforms
and enterprise tools can yield productivity gains, but they
concentrate power and create chokepoints. Conservative
governance therefore favours diversification, strong internal
evaluation capability, and contractual rights that preserve
transparency and auditability, especially where models are
updated frequently and where operational dependencies
deepen over time.
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5.5 Safety, drift, and continuous
assurance

A conservative approach to governance is also attentive to
time and systems drift. A strong statement of operational
requirements appears in FTI Consulting’s presentation on
“Al Governance in Practice.” It contends that “Generative
Al models drift. The only way... to know when/how they
are drifting is to continuously test, monitor and audit
the Al applications... every second of every minute of
every day.””® The prose is intentionally emphatic, but
the underlying governing consideration is sound: static
compliance cannot manage dynamic systems, especially
those deployed at scale.™

This is where conservative governance aligns with adaptive
approaches. In a paper on generative Al and adaptive
governance, Araz Taeihagh argues governance must
“match and mimic the iterative development, speed, and
collaboration patterns” of generative Al, and that policy
organisations should be “ambidextrous,” able to pursue
contradictory aims such as close monitoring and significant
innovation.” In conservative terms, this is not “move fast
and break things”; it is build feedback loops and controlled
experimentation so that governments and public services
can implement and use Al without being surprised by
emergent failure.

5.6 Conservative governing
considerations in one view

Table 6 consolidates the conservative governing
considerations developed above into a practical checklist.
The point is not to multiply bureaucracy; it is to make
Al adoption legible and controllable so that scaling is
politically and institutionally sustainable.



Table 6. Conservative governing considerations for Al in government

Governing consideration

What it prevents

Concrete mechanisms and instruments

Non-delegable
responsibility

“Nobody responsible”
outcomes

Human sign-off for rights-affecting decisions; named
decision owners

Quiet drift from “with” to
“by” algorithms

Bounded autonomy

Cognitive forcing functions; autonomy tiers; transfer-to-
human mechanisms

Democratic
accountability

Opaque, uncontestable rule
by systems

Registries; reasons-giving; public scrutiny of high-impact
uses

Contestability and Harm without recourse

remedy

Appeals; independent review; audit trails; explainability
thresholds

Institutional capability ~ Vendor capture; fragile

dependence

Model portability clauses; inspection rights;
diversification

Continuous assurance Drift, silent degradation

Monitoring, testing, auditing; incident response; post-
deployment review

5.7 Implications for Aotearoa New
Zealand (including Treaty obligations
as standing constraints)

For Aotearoa New Zealand, the conservative frame carries
a particular force because it aligns with institutional
realities: a small public service, high trust expectations,
and strong rule-of-law norms. It also aligns with the report’s
Treaty framing. Treaty obligations and te ao Maori as
constitutional contexts operate as standing constraints
on what constitutes legitimate “utility” gains—especially
where Al systems are trained on, infer from, or materially
affect Maori data or Maori communities.

The conservative approach is therefore not merely a generic
“Western” caution; it is an argument for preserving the
integrity of Aotearoa New Zealand’s constitutional and
institutional order, which includes Treaty obligations that
shape legitimacy in high-impact domains. The practical
result is an approach marked by disciplined adoption:
capture high-benefit uses in internal operations and service
delivery while enforcing strict boundaries, transparency,
and contestability in rights-affecting and Treaty-sensitive
areas.
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6. Al REPLACING PUBLIC
SERVANTS AND POLITICIANS:
TOWARD APOST-DEMOCRATIC
ORDER?

This section addresses a plausible trajectory rather
than a normative programme: the gradual shift from Al
as administrative support to Al as de facto governing
infrastructure. The public sector’s predicament is well-
captured by Misuraca et al., who argue that the nation-state
faces a “tragic double bind”: obligations to protect citizens
from algorithmic harms collide with the temptation to
increase its own efficiency—“to govern algorithms, while
governing by algorithms.””® The risk is not only that the
state adopts Al, but that the state’s mode of governing
changes subtly: substantive human judgement is displaced
by systems that shape decisions, priorities, and citizen
interaction at scale.

6.1 Why automation pressure
intensifies

The drivers are familiar: fiscal constraint due to structural
deficits and an ageing population, rising demand, shortages
of specialised labour, ease of use, and political pressure
to reduce backlogs. A competitive-utility logic insistently
presents Al as the best response to information overload
and administrative bottlenecks.”” But the post-democratic
question arises because, as Al tools move from drafting and
triage into recommendation engines and agentic workflows,
the line between “support” and “governance” becomes
easier to cross in practice.
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6.2 Autonomy shifts: from “with” to
“by” algorithms

A clear way to describe post-democratic drift is through
autonomy modes. Commentators distinguish “government
/ governance by algorithms” from “government /
governance with algorithms,” and they define the “by
algorithms” mode as a shift where “significant decision-
making agency” moves to algorithmic systems and
humans “assume supervisory roles... reviewing algorithmic
recommendations rather than generating solutions,” which
“challenges conventional accountability structures.””®

The risk of automated governance remains incremental:
administrative bodies may continue to claim that “humans
are in the loop” even as the core logic of decision-making
migrates into model pipelines. When the substantive
reasoning behind a policy or action shifts to an algorithm,
the human role risks becoming performative rather than
substantive; consequently, the oversight mechanism
functions as a facade for automated logic.

Engin et al. contend that maintaining control requires
intentionality rather than assumption. One of their primary
design principles for public-sector Al insists on “the
preservation of human oversight and democratic control
throughout the system.” Such a standard addresses the
fundamental challenges of modern governance: technical
autonomy must be strictly bounded and audited—
preventing “black box” outcomes—while authority must
remain subject to public contestation, and institutional
accountability must be explicitly defined across every
technical and administrative level of the system.

Table 7 provides a practical autonomy spectrum and
indicates the main guardrails needed at each step.



Table 7. Autonomy spectrum in government and required guardrails

What it looks like

Main post-democratic risk

Minimum guardrails

(governing considerations)

Government with
algorithms

Decision support: Al drafts/
summarises; humans decide

Automation bias; rubber-
stamping

Training; mandatory human
reasoning notes for high-
stakes decisions; audit of
overrides

Government by
algorithms

Al allocates, prioritises,
recommends at scale;
humans supervise

Accountability diffusion;
policy by pipeline

Explicit autonomy tiers;
transfer-to-human
mechanisms; public
registries; contestability

Government of
algorithms

Meta-governance: align
models to missions/values;
enforce transparency and
remedy

Formal governance without
real leverage over vendors

Audit rights; documentation
standards; liability
provisions; independent
oversight capacity

Al embedded into core
infrastructure (identity,
service portals, secure
messaging)

Government through
platforms

Citizen-state relationship
mediated by model outputs

Authentication and logging;
visible disclaimers; redress
pathways; output monitoring

6.3 Human psychology: why “human-
in-the-loop” can fail

Post-democratic drift is not only structural; it can be
cognitive. Alon-Barkat and Busuioc argue thatin “the rise
of algorithmic governance,” humans must be treated as
“important safeguards,” and that it will be critical to test
whether human “cognitive limits allow us to act as effective
decisional mediators.”” They define automation bias as “a
well-documented human propensity to automatically defer
to automated systems,” even in the presence of warning
signals or contradictory evidence.®® Such a response may
be a mark of trust—an acknowledgement that the machine
intelligence is seen as highly “able” and reliable. But the
risk is that the user passes responsibility for the work
commissioned over to an Al with no further thought, or
more seriously, the unspoken conviction that it will do a
better job anyway.

If agencies scale decision-support tools without investing
in training, pacing, and institutional norms for challenge
and override, human oversight will likely become formal
rather than substantive. The implication for governance is
direct: post-democratic risk is heightened when decision-
makers are rushed, overloaded, or structurally discouraged
from dissenting from machine recommendations. That risk

increases further when Al advice is perceived as “objective,”
a dynamic that intersects with the classic bureaucratic
claim to neutrality and that, when scaled, changes citizens’
experience of “government.”

The same risk runs right through each layer of government
from elected representatives to public service graduate
employees. As each becomes more familiar with Al and
the advantages it offers in a wide range of operations, it
could easily become second nature to use it continuously.
Like the use of electricity, it will be taken for granted and
ubiquitous. But the challenge remains: who will actually
be deciding on the adoption of recommendations and
acting upon them? Or will this be passed to a machine
intelligence, too?

6.4 Procurement opacity and vendor
lock-in as hidden sovereignty risk

Post-democratic dynamics also arise through procurement
and platform dependencies. Kawakami et al. report that
department and agency leaders felt constrained by
procurement contracts and by vendor reluctance to explain
systems: “We cannot share that information with you
because it’s proprietary.”®
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The post-democratic risk here is not so much that elected
officials disappear, but that critical state functions become
dependent on opaque systems that government cannot fully
inspect, explain, or replace. This risk is now exacerbated
by the shift from single-purpose tools to whole-of-
government platforms and large vendor partnerships.®
The UK’s late-2025 partnership with Google DeepMind,
including exploration of “Gemini for Government,”
illustrates the strategic scale of such compacts. Canada’s
public Al Register, by contrast, illustrates a transparency
countermeasure that can help states see and manage the
portfolio of Al dependencies.® These are two different ways
of responding to the same environment: one emphasises
rapid capability via partnership; the other emphasises
visibility and governance as a precondition for scale.

6.5 “Policy optimisation” and
governance-by-experiment

A more advanced post-democratic scenario is governance-
by-experiment: Al systems optimising policy through
continuous feedback loops that treat populations as
data-generating environments. Mokander and Schroeder’s
tax-policy thought experiment makes this vivid: repeated
large-scale experimentation could “shape the behaviour
and preferences of the population in line with” a policy,
and “shaping the preferences of citizens... would mean
control through (Al-generated) knowledge... [but] it would
mean treating the population as experimental subjects.”*
Perhaps this is akin to current practices where government
consults, develops and introduces law and policy, monitors
their effects, and modifies them accordingly. But it is
one thing to have human consultation, argumentation,
authoring, implementation, and feedback, and quite
another to have all this done by a machine intelligence in
the blink of an eye.

This said, such a form of governance is not primarily about
replacing politicians with robots; it is about relocating
political choice into model design (goal functions,
constraints, levers), where public, democratic contestation
is harder.

Paradoxically, the same authors note a positive aspect
that cuts the other way: policy optimisation can
force explicitness. “The advantage of Al-driven policy
optimisation is that it requires that normative ends are
made explicit and formalised, thereby subjecting them to
public scrutiny and debate.™ A well-designed governance
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regimen can harness that advantage—explicit goal-
setting and constraint definition—without accepting the
experimental-subject dynamic.

All this assumes a high level of human competency and
benign, controllable developments with AL% Yet it remains
a key bridge into recommendations: the goal is not to ban
optimisation thinking, but to ensure it remains publicly
accountable and institutionally bounded.

6.6 Implications for Aotearoa New
Zealand and Treaty obligations as
standing constraints

For Aotearoa New Zealand, post-democratic risk is not only
a matter of efficiency and autonomy. Treaty obligations
operate as standing constraints on what counts as
legitimate Al-driven governance, particularly where Maori
data is used, where Maori communities are unduly affected,
or where Treaty-sensitive domains (e.g., environmental
governance involving iwi/hapu rights and interests) are
implicated.

A post-democratic settlement in Aotearoa New Zealand
would not merely weaken democratic accountability; it
would also risk weakening the Crown’s ability to honour
Treaty obligations in practice, especially if decision systems
become impossible to see into or vendor-controlled.
Accordingly, the remainder of the report treats post-
democratic drift as a stress test for strategy. Competitive
national utility justifies substantial Al adoption; conservative
governance specifies the guardrails; and Treaty obligations
impose additional constraints on data architecture, co-
governance expectations, and domain boundaries.

The practical aim is to keep Al adoption in the “with
algorithms” mode for key decision-making, to build
“of algorithms” governance (registries, auditability,
contestability), and to treat “by algorithms” deployments as
exceptional and bounded by strict autonomy and oversight
regimes.



7.COMPARATIVE SYNTHESIS:
AOTEAROANEW ZEALAND AND
REFERENCE COUNTRIES

This section compares Aotearoa New Zealand, Singapore,
the United Kingdom, Australia, Canada, and the United
States across the three frames (DEI-oriented, competitive
national utility, conservative readings), using the report’s
evaluative criteria (risk governance, administrative
capacity, rule-of-law compatibility, and political economy)
and Aotearoa New Zealand’s Treaty obligations as standing
constraints.

The goal is not encyclopaedic country description; it is
to make visible how different jurisdictions are converging
(pilots to platforms) and diverging (standards-led vs
vendor-compacts vs registers), and to identify what is
most strategically relevant for Aotearoa New Zealand.
Across the reference set, there is a strong empirical
pattern: public-sector Al is currently used mainly to
improve service delivery and internal operations, and far
less to directly drive policymaking. The EU landscaping
of 250 cases found Al “used mainly to support improving
public service delivery,” then internal management, with
policy decision-making relatively limited.*” This aligns with
the competitive-utility account: the early value pool is
in document-heavy administrative pipelines and service
channels, not in replacing democratic institutions.

7.1 Aotearoa New Zealand

In late 2025 the Government moved to build a unified
citizen-facing digital channel as a platform for future
Al-mediated interaction. The official Govt.nz app page
now states that “In upcoming releases we will deliver an
Al assistant, digital credentials via the wallet and services
from government.” This is an architectural choice: it places
Al and automation on top of a consolidating digital public
infrastructure layer, rather than leaving Al confined to
internal agency workflows.

This citizen-facing channel is one facet of a larger shift
towards a digital target state, which “sets the direction
for improved government digital services. The vision is
to transform the public sector operating model, moving
towards a customer-oriented approach.” ¢

Aotearoa New Zealand’s policy stance is also distinctive
because of the way it attends to Treaty obligations and

20

te ao Maori. The Public Service Al Framework makes this
explicit: it recognises Maori data as taonga and includes
commitments that Al use should be compatible with
democracy and the rule of law.® In practical terms, this
means Aotearoa New Zealand’s governance choices—data
linking, vendor contracts, automation in justice/welfare/
health, and the design of citizen-facing assistants—cannot
be assessed solely through generic DEI or efficiency criteria.

7.2 Singapore

Singapore remains the clearest and arguably best example
in this comparison set of a high-discipline, integrated
“Al-enabled state” stance, combining capability-building
with technical guardrails and sectoral supervision. The
current public narrative emphasises augmentation rather
than replacement, with the message that Al should serve
as a “co-pilot, not an autopilot.”° This framing is aligned
with conservative governing considerations: bounded
autonomy, strong governance, and explicit accountability,
while still pursuing competitive utility at scale.

A key recent development is the Monetary Authority of
Singapore’s consultation on proposed Al risk management
guidelines for financial institutions. It explicitly positions Al
risk governance as lifecycle governance for all Al systems
used by financial institutions.?' For Aotearoa New Zealand,
Singapore functions less as a simple “model” and more as
a reference point for how a government can pair national
capability-building with sectoral risk governance and
technical guardrails.

7.3 United Kingdom

The UK is increasingly pursuing a blended model:
competitive-utility adoption framed as modernisation and
growth, coupled with a strong emphasis on safety, evaluation,
and governance legitimacy. The recent partnership with
Google DeepMind illustrates this: government frames Al
as a driver of “national renewal and growth,” including
the exploration of “Gemini for Government” to reduce
bureaucracy and automate routine tasks in the public
sector.® This is competitive utility expressed as a whole-
of-state project: modernising public services, accelerating
science, and advancing national security.

The UK is also moving from isolated pilots toward a
centrally coordinated “toolchain™ approach. A January
2026 announcement by digital government leadership
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describes an Al Engineering Lab and a planned early-2026
rollout of licences for leading Al tools, explicitly including
GitHub Copilot, Gemini, Amazon Q/Kiro, and Claude, with
accompanying technical setup and training support.® Here
is a specific instance of the “pilots to platform portfolio”
shift: rather than each department procuring tools ad
hoc, government is attempting to curate and support a
multi-tool environment for civil servants at scale.

At the same time, the UK is positioning itself as a
coordinator of global evaluation regimes. In December
2025, the International Network of Al Safety Institutes
transitioned into the “International Network for Advanced
Al Measurement, Evaluation and Science,” with the UK as
network coordinator.?* Thus the UK provides an important
comparative point for Aotearoa New Zealand’s evaluative
criteria: a shift from abstract safety principles to shared
scientific methods of measurement and evaluation.

7.4 Australia

Australia is notable for a standards-forward approach
that aims to enable adoption at scale while keeping
governance enforceable. This is consistent with the
conservative impulse to institutionalise guardrails rather
than rely on principles alone. The public-facing GovAl
ecosystem provides unusually concrete evidence of
how Al is being embedded in day-to-day government
work: GovAl is described as “foundational Al for the APS,”
designed to uplift capability, improve productivity, and
provide a secure environment for experimentation.®s APS
Academy highlights concrete use cases (e.g., automated
transcription and structured analytics for archives;
summarisation of parliamentary material; policy-aligned
chatbots), making Australia unusually transparent about
what “utility” looks like in practice (APS Academy 2025).

Australia’s scaling mechanism is now clearer in institutional
terms. GovAl describes AIDE (Artificial Intelligence Delivery
and Enablement) as working collaboratively with GovAl
to implement key aspects of the APS Al Plan, with GovAl
serving as a “secure, centralised technology foundation”
providing infrastructure, model options, development tools,
and a growing library of use cases, alongside development
and trial of a general-purpose GovAl Chat tool planned for
2026.% This provides a concrete comparator for Aotearoa
New Zealand: whole-of-government Al capability is being
built not only through guidance, but through dedicated
enablement functions and shared technical foundations.
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For Aotearoa New Zealand, Australia provides a near-peer
comparator in institutional form (Westminster traditions,
public trust concerns), and a useful example of how to make
Al adoption measurable and governable through standards
and shared services rather than only procurement deals.

7.5 Canada

Canada’s most distinctive recent move is a transparency-
and-planning instrument: the public Al Register. The
Register “includes input from 42 institutions and features
over 400 systems” at stages from research and proof-of-
concept to fully deployed tools supporting operations and
service delivery.”” This is not only a public transparency
tool; itis a managerial instrument for avoiding duplication
and guiding portfolio governance. It aligns closely with
the report’s conservative governing considerations
(contestability, visibility, auditability) while still supporting
competitive-utility adoption.

Canada’s Al Register is now explained in methodological
terms: the government describes the Register asa “minimum
viable product” assembled from existing information
sources, including Algorithmic Impact Assessments, Access
to Information requests, Parliamentary Question responses,
Personal Information Banks, and the federal Service
Inventory.®® For Aotearoa New Zealand, Canada’s modus
operandi provides a practical template for how to bootstrap
a register without waiting for perfect instrumentation: begin
with a minimum viable product assembled from existing
disclosure pathways, then iterate toward fuller coverage
and stronger metadata requirements.

Canada’s broader policy context also increasingly ties Al
to productivity and “sovereign” capability. Budget 2025
messaging highlights “made-in-Canada sovereign Al tools”
and an Office of Digital Transformation to lead adoption
across government.* For Aotearoa New Zealand, Canada is
a high-value comparator because it shows how a medium-
sized democracy can combine safety institutions, registries,
and procurement strategies without abandoning liberal-
democratic governance norms.

7.6 United States

The US remains the most scale-intensive environment in
the comparison set, but the late-2025 updates sharpen
two themes relevant to this report: centralisation and
politicisation. First, the December 2025 executive order
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“Ensuring a National Policy Framework for Artificial
Intelligence” explicitly aims to eliminate “state law
obstruction” of national Al policy.®° Reuters reports that
the order ties compliance to broadband funding and
contemplates federal litigation against restrictive state
Allaws (Reuters 2025)." This is a competitive-utility move:
centralisation justified as necessary to avoid fragmentation
and to keep pace with rival nations.

Second, US procurement governance is now explicitly
imposing “ideological neutrality” requirements on large
language models sold to federal agencies, building on
the July 2025 executive order on “Preventing Woke Al in
the Federal Government.”** Whether one agrees with the
policy or not, it is analytically significant: it embeds an
overtly philosophical and political criterion into technical
procurement, and it illustrates how Al governance in
government can become a proxy arena for broader cultural
and political conflict.

At the time of writing this report, the US Department of
Defense and the Pentagon voided their contracts with
Anthropic, the producer of the LLM, Claude. Reportedly,
“the Pentagon needs to be able to utilise models free from
usage policy constraints that may limit lawful military
applications.... Anthropic, meanwhile, doesn’t want
its technology used for operations including domestic
surveillance and autonomous lethal activities.”™ In
consequence of its policy stance, Anthropic lost its
business with government, and may be classified as a
supply chain risk."

For Aotearoa New Zealand, this is a cautionary comparator:
choosing procurement criteria can lead to a conflict of
interest between government contractors and vendors,
and possibly increase the likelihood of privacy breaches,
while also eroding public trust and distorting meaningful
evaluation of the technologies that have been adopted. The
difficulty lies in the fact that the private sector has the most
up-to-date and powerful forms of machine intelligence
and that governments, when they can afford it, want it.

A second point for consideration is that both current
and previous US administrations have encouraged a
light regulatory touch with Al companies, especially in
comparison with Europe.’ This carries the advantages
of creating the conditions for dynamic and remarkable
innovation, but also the concomitant risks—ranging
from machine hallucinations, ineptitude, and deliberate
false reporting to those risks associated with the pending
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realisation of an artificial general intelligence that may
reason and act outside the bounds set for it. The US and,
to a lesser extent, the UK governments want to adopt,
centralise, and use the best technology available generated
through competition within the private sector, but face the
challenges that come with doing so—be they individual
company policy positions, opacity around proprietary
rights, or the adoption of models that do not deliver what
they have promised.

7.7 Cross-cutting observations
Several cross-cutting observations follow.

Convergence on administrative Al first. Across
jurisdictions, Alis used mainly for internal operations
and service delivery. This is consistent with the EU
landscaping evidence (comprehensive research on
how Al is being used) and with the task-exposure
pattern in public sector work.™®

Shift from pilots to platforms and registers.
Australia’s GovAl, Canada’s Al Register, and Aotearoa
New Zealand’s unified Govt.nz channel all point to
the same structural shift: Al is becoming a whole-of-
government capability rather than an unevenly timed
agency-by-agency experiment (GovAl 2025; Treasury
Board 2025; Govt.nz 2025).

Evaluation is becoming an institution. The UK-led
transition of the Al Safety Institute network toward
measurement and evaluation reflects a move from
principles to scientific governance practice (UK
Government 2025). This aligns with conservative
governing considerations: controlled experimentation,
monitoring, the ability to justify decisions, adoption,
and change.

Vendor compacts are now a governance tool. The
UK-DeepMind MoU and partnership announcements
show a model of state modernisation via frontier-
model partnerships, raising questions about shared
vision, dependency, accountability, and procurement
leverage (UK Government 2025; DeepMind 2025).

Treaty obligations make Aotearoa New Zealand’s
governance problem distinct. Aotearoa New Zealand
cannot treat “equity” as a generic DEI setting; Treaty
obligations and te ao Maori as constitutional contexts
require additional governance arrangements—
especially around Maori data as taonga, data
governance, and co-decision expectations in Treaty-
sensitive domains (NZ Digital Government 2025).
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7.8 Comparative snapshot and evaluative matrix

To consolidate the comparison, Table 8 summarises the dominant frame mix and key governance instruments across the
six jurisdictions, while Table g provides a high-level evaluative matrix for the three frames (used as analytic tools rather
than as moral scorecards).

Table 8. Comparative snapshot: dominant frames, governance stance, and recent instruments

Jurisdiction Dominant frame mix Current “pilot to platform” Notable late-2025
signal instrument(s)

Aotearoa Mixed (utility and conservative  Unified citizen channel and Al Public Service Al Framework;

New Zealand constraints and Treaty guidance Govt.nz app roadmap
obligations; DEI as constraint)

Singapore Utility and conservative-style  Blueprint and sectoral MAS Al risk consultation; co-
governance discipline guidelines pilot framing

United Utility and evaluation Partnerships and evaluation DeepMind partnership and

Kingdom emphasis; rights language network MoU; international evaluation

network

Australia Utility and standards-forward ~ GovAl shared service GovAl platform and use case
conservative discipline library

Canada Utility and safety/transparency  Public Al Register Al Register; Budget 2025
posture sovereign tools

United States  Strong utility and Federal pre-emption of state Executive order on national
centralisation; politicised rules Al framework; “bias test”
procurement constraint procurement direction

Table 9. Evaluative matrix: frames against core criteria

Evaluative DEl-oriented frame Competitive national utility  Conservative frame
criterion frame
Productivity and Mixed (generally adds High (central aim) Medium (accepts friction for
throughput compliance load) legitimacy)
Fairness and High (explicit focus) Indirect (if built-in) Indirect but present through
disparate impact equal law, oversight
Rule-of-law Variable (depends on At risk if opacity is tolerated High (legality, contestability,
compatibility transparency and legal remedy)

clarity)
Administrative High demand for audits/ High demand for Moderate demand (oversight
feasibility consultation infrastructure/capability and boundaries)
Political economy  Co-opted rhetorically Risk of vendor lock-in and Risk of status quo bias
risk government by opaque Al

systems

Post-democratic Medium (metric governance)  High if autonomy scales Lower if boundaries and
drift unchecked accountability are enforced
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8. RECOMMENDATIONS FOR
AOTEAROANEW ZEALAND

Aotearoa New Zealand is already in broad experimentation
with Al in government, but the next phase requires a
coherent strategy that preserves the advantages of Al
for state capability while preventing predictable failure
modes: uncontrolled drift in autonomy, weak contestability,
vendor lock-in, and loss of legitimacy in Treaty-sensitive
domains. The recommendations below are organised
as governing considerations and implementation steps.
They are anchored in the competitive national utility and
conservative frames, with DEI treated as a constraint and
Te Tiriti o Waitangi / te ao Maori treated as constitutional
contexts and standing constraints.

8.1 Set an explicit “capability and
accountability” purpose statement

Aotearoa New Zealand should state plainly that public-
sector Al is pursued for capability: higher productivity, faster
responsiveness, and stronger oversight and enforcement,
while remaining bounded by law and accountability.
OECD’s formulation is a useful benchmark: Al “can increase
productivity, responsiveness of public services, and
strengthen the accountability of governments.”’

This purpose statement should be used as a decision gate in
procurement and programme design: if a proposal cannot
show (i) concrete capability gains and (ii) enforceable
accountability pathways, it does not proceed. Acommon
failure mode is treating governance as a defensive appendix.
OECD warns that governments should prioritise “enabling
the positive aspects of using AlI” because a risk-only posture
can deter “high-benefit, low-risk uses of Al to improve
public services.”*® In Aotearoa New Zealand, that means
making capability the driver, while defining rule-of-law,
Treaty obligations, and safety as non-negotiable limits
that shape how capability is pursued.

8.2 Build an Al-enabled state
architecture incrementally, not by
accretion

Aotearoa New Zealand should adopt an explicit
architectural roadmap rather than letting Al grow by
accretion. The ASA framework offers a strong conceptual
scaffold: Al-enabled states depend on coherent interaction
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between Digital Public Infrastructure, Data-for-Policy,
Algorithmic Government/Governance, and GovTech. It
also diagnoses the core failure mode: treating technical
domains as separate produces “governance gaps” and
“missed opportunities” where the technology never reaches
optimisation.™

The immediate practical implication for Aotearoa New
Zealand is to treat identity, secure citizen channels, data
standards, model governance, and service tooling as a
coordinated programme rather than dispersed agency
projects. This s directly relevant to Aotearoa New Zealand’s
current trajectory: the Govt.nz app is explicitly designed
as a unified service channel, with planned “Al assistant”
and a digital wallet for credentials. That “front door” will
become the default interface through which many citizens
experience Al-mediated government. Therefore, logging,
authentication, redress pathways, and clear disclosure
must be designed now, before conversational agents
become routine.

8.3 Prioritise high-leverage use cases
and avoid “mission creep” into high-
stakes domains

Aotearoa New Zealand should prioritise the domain where
competitive utility is most credible: internal operations,
service delivery, and case processing. BCG’s report frames
the opportunity and scale: “Generative Al is the ideal
resource to help reshape core government processing
functions™ and claims up to 35% budget cost savings in
impacted areas over ten years.™ The implementation point
is just as important: “70% of the efforts” are in “people
and process improvements.”

New Zealand should therefore target workflows where
Al support can be embedded into processes with
clear handoffs, rather than pursuing high-profile “Al
transformation” programmes without operational
redesign. The Turing Institute’s task-exposure estimate
offers a disciplined way to avoid overreach: about 41% of
public-sector time could be supported by GenAl, but the
distribution varies by sector, and one-size adoption risks
“unintended consequences.”™ New Zealand should treat
this as an adoption principle: start where support is high
and error tolerance is moderate, and scale only when
assurance, training, and auditability keep pace.
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Table 10. Priority NZ use cases and governing considerations

Domain / use case

Example

Primary frame(s)

Governing considerations

Case processing
triage

Classify and route
applications

Competitive utility; DEI as
constraint

Bias monitoring; cognitive
forcing (blind review);
human sign-off for adverse
outcomes

Document-heavy Summarise and extract

Competitive utility;

Audit trails; reasons-giving;

regulation evidence conservative constraint strict data handling
Fraud/anomaly Pattern detection on claims/  Competitive utility; False-positive control;
detection returns conservative upside proportional interventions;

oversight review

Citizen information  Chatbots for FAQs/status

Competitive utility

Clear disclosure; monitoring;
escalation to humans

Summarise submissions,
draft briefs

Policymaking
support

Competitive utility;
conservative constraint

Provenance of sources;
human responsibility;
versioning and logging

Treaty-sensitive
domains

Any Al affecting Maori rights/
interests

Treaty obligations as
standing constraints

Mandatory Maori data
audit; Maori governance
expectations; no autonomy
creep

8.4 Create a public-sector Al
register and use it as a governance
instrument

Aotearoa New Zealand should establish a public-sector
Al register modelled on Canada’s approach. Canada’s
Treasury Board launched a federal Al register that includes
“input from 42 institutions and features over 400 systems,”
spanning research, pilots, and deployed tools.™ The utility
of a register is not merely transparency; it is portfolio
governance: duplication reduction, reuse, prioritisation,
and the ability to see autonomy creep.

A New Zealand register should include at minimum:
purpose, domain, data sources, model type, autonomy
level, risk tier, procurement/vendor dependency,
monitoring regime, and redress pathways. It should also
mark whether the system is Treaty-sensitive and what
governance arrangements exist for Maori data. This will
make Treaty obligations operational and not just rhetorical.
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8.5 Adopt “bounded autonomy” via
technical friction and cognitive forcing

Aotearoa New Zealand should formally adopt an autonomy
stance that treats Al as an augmentation to, rather than
a replacement for, human judgement in rights-affecting
decisions. The risk otherwise is that Al shifts agency to
systems and “challenges conventional accountability
structures.” To prevent this drift, agencies should
implement cognitive forcing functions—interface designs
that require the human operator to input their own
assessment of the evidence before the Al recommendation
is revealed.

This mechanism counters “automation bias,” described
as the “undue deference” to automated systems even
when contradictory evidence exists." By enforcing a “blind
review” step in high-stakes workflows, government ensures
that the human in the loop remains an active decision-
maker rather than a passive reviewer. Furthermore,
Aotearoa New Zealand should establish explicit autonomy
tiers: mandatory transfer-to-human mechanisms must
trigger automatically when systems encounter edge cases
or low-confidence intervals.
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8.6 Build continuous assurance
capacity and incident response

Aotearoa New Zealand should treat monitoring and audit as
the condition for scaling Al, especially for generative Al. The
FTIgovernance report states bluntly: “Generative Al models
drift,” and the only way to know how is to “continuously test,
monitor and audit” systems “every second... every day.”"®
This supports a conservative governing consideration:
compliance cannot be static when systems and contexts
change.

Aotearoa New Zealand should therefore require: (i) pre-
deployment evaluation; (ii) post-deployment monitoring;
(iii) incident reporting; and (iv) independent audit
capacity for high-risk systems. The Monetary Authority
of Singapore’s Al risk guidelines for financial institutions
show how a regulator can formalise lifecycle expectations
for Al risk management in a critical sector." New Zealand
should consider whether analogous sectoral guidance is
needed for domains like financial services, health, and
critical infrastructure.

8.7 Treat procurement as a
governance instrument

Aotearoa New Zealand faces a dilemma. We are, by virtue
of our size, consumers rather than producers of this
technology. We cannot choose what capability is built,
only how we use and regulate it. Therefore, procurement
becomes a constitutional function, not merely a purchasing
decision, given the role that Al tools may play in governing
decisions in the foreseeable future. Reliance on external
parties creates “a major operating risk” for core functions
if the state cannot independently inspect or modify the
tools it uses.™ To mitigate this, agencies should mandate
three specific provisions in contracts with frontier-model
providers:

1. Model portability: Contracts must ensure the state
retains the right to export fine-tuned weights and
training data to alternative platforms, preventing
slippage into structural vendor lock-in.

2. Inspection rights: The state must reserve the right
to subject “black box™ systems to independent
validation using negotiated and controlled test
sets, rather than relying solely on vendor-supplied
performance metrics.
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3. Liability and indemnity: Contracts must clarify that
vendors retain liability for system failures attributable
to design defects, preventing the outsourcing of
risk alongside the outsourcing of computation.
This approach ensures that partnerships, such as
those seenin the UK, do not permanently constrain
Aotearoa New Zealand’s sovereign ability to govern
its own administrative architecture.

8.8 Workforce capability:
environmental design and critical
vigilance

Aotearoa New Zealand should pursue workforce-wide Al
literacy and further invest in specialist capability.

Government agencies should embed key staff members in
relevant sister government agencies in aligned countries
with a specific emphasis on Al governance. While reports
such as this are important, much of the knowledge and
wisdom required for a capable public service will be tacit,
and can only be learned hands on.

Broad-based Al literacy must focus on environmental
design rather than simple tool proficiency. Research
indicates that decision-makers often use automation as
a “heuristic replacement for vigilant information seeking,”
leading to rubber-stamping of machine outputs.” Training
alone is an insufficient control for this propensity.

Instead, agencies must design the decision environment
to support independence. This involves:

1. Interface architecture: Designing workflows where
Al outputs are presented as supporting evidence
rather than conclusions, and where the provenance
of that evidence is clearly visible.

2. Critical norms: Establishing an institutional expec-
tation that divergence from an Al recommendation is
a valid and often necessary exercise of judgement,
rather than an error requiring justification.

3.  Management capability: Equipping leaders to
recognise “false inclusion,” where community
consultation or human oversight is performed
without genuine influence on the outcome.™

Finally, externally procured Al training must be independent.
Al product providers have a vested interest in providing
“training” that steers organisations towards particular
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platforms. Care must be taken to ensure that upskilling
workforce capability does not become procurement by
other means.

8.9 Te Tiriti o Waitangi as an
operational constraint

Aotearoa New Zealand should integrate Treaty obligations
into public-sector Al governance as operational rules, not
just aspirational values. Guidance already establishes that
“Maori data is a taonga” and that the Crown must uphold
Maori rights in the “collection, ownership and application”
of that data.™ To ensure this in practice, agencies should
implement a mandatory Maori data audit for any proposed
system.

This audit must determine if a system: (i) is trained on Maori
data; (ii) infers attributes regarding Maori identity; or (iii)
determines access to resources in domains where Maori
are disproportionately affected (e.g., justice, health). If a
system meets these criteria, it triggers specific governance
requirements, including partnership mechanisms that
g0 beyond standard consultation. This ensures that data
“sovereignty” and “protection” are treated as governing
considerations in the system architecture itself.

8.10 Implementation sequencing:
start with high-benefit, low-risk;
scale only with assurance

Aotearoa New Zealand should explicitly adopt an
implementation sequence that captures competitive utility
without drifting into post-democratic automation. It should
start with internal operations and service support where
error tolerance is higher and harms can be contained;
then expand to risk monitoring and compliance; and treat
any movement toward autonomous decision-making in
high levels of governance and rights-affecting domains as
exceptional, bounded, and subject to higher thresholds of
transparency and remedy.

Algorithmic Government
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9. CONCLUSIONAND FUTURE
DIRECTIONS

This report has argued that Al in and by government cannot
be understood—or governed—adequately without making
explicit the frames that structure adoption and constrain
legitimacy. Al is already embedded in public administration.
Its most common uses are not in autonomous agency but
practical throughput gains: document handling, triage, case
processing, risk monitoring, and citizen-facing information
support. That said, agentic and generative Al are now
steadily seeing uptake across the private sector and the
pressure on public servants and government employees to
adoptit, in some cases in the privacy of their own homes,
will increase.

The strategic question for Aotearoa New Zealand is
therefore not whether Al will enter state mechanisms—this
is already happening—but how to harvest the capability
gains without degrading accountability, legality, and trust.

There is a second set of related questions, beyond the
scope of this report. At what point would leaders in
government hand authority for decision-making and action
over to machine intelligences or a machine intelligence
(as in an artificial general intelligence)? A crisis, such
as an infrastructure cyber-attack? In which areas of
government would this occur—defence, transport and
communications, health? What criteria would be settled
upon for permitting agentic Al to “take control”—including
considerations for kill switches and containment measures?
And how will humans relate to autonomous (agentic) Al—
or, more importantly, how might it relate to them—friend,
slave, enemy? These questions, seemingly absurd now,
will need to be addressed within five years as Al becomes
more and more a part of our lives.

9.1 What the three frames clarify

In the meantime, the three ideal-typical frames used
in this report identify real features of the governance
problem. DEI-oriented governance is strongest at revealing
distributional harms and participation failures. It insists
that administrative Al does not merely “predict”; it governs,
and that if bias or exclusion are embedded, they scale.
It also contends that bias is not only a model property
but an interaction effect: decision-support systems can
still produce unfair outcomes through automation bias
and selective adherence. However, DEI governance also
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exposes an implementation constraint that matters for
small public services: governance ideals can become
“principles-first” lists that are removed from reality, hard,
and costly to operationalise at scale.

Competitive national utility provides the strongest account
of why governments are moving fast, and why they should
do so. The OECD’s proposition that Al can increase
“productivity, responsiveness... and accountability” is not
simply rhetorical; it maps onto observable deployments
and measurable task exposure.’ The strongest near-term
value pool is administrative case processing and internal
operations, where large volumes and repeated steps
make support tools materially valuable. But competitive
utility also has predictable failure modes: vendor lock-in,
fragmented governance, autonomy creep, and the selection
of procurement criteria. It will remain a very powerful frame
for Al because of the nature of competition in industry and
between nations,”” and because of the desire for ease
and efficiency.™®

Conservative readings do not deny utility; they specify
the governing considerations that make utility durable:
enforceable accountability, bounded autonomy,
contestability, and remedy, and internal institutional
capability rather than total dependence on vendors. This is
why the conservative frame aligns naturally with a “platform
era” of public-sector Al: it treats procurement, monitoring,
drift, and audit as core governance rather than compliance
afterthought. The operational demand is continuous:
“Generative Al models drift,” and the only way to check this
trend is to “continuously test, monitor and audit” deployed
applications.” A conservative frame aims at preserving
the integrity of New Zealand’s institutions and those things
that matter to its people; and at acknowledging that while
change is inevitable, it should be prudently managed. Given
the magnitude of change Al will bring to government and
society, its value is significant.

9.2 What the late-2025 and early
2026 updates show

Recent bi-weekly updates reinforce the intuition that
governments are moving from pilots to platforms, registers,
and whole-of-workforce capability programmes. Canada’s
public Al Register changes the transparency baseline by
enumerating hundreds of systems and their status, shifting
governance from scattered inventories to portfolio visibility.
Australia’s GovAl programme and published use case library
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show a deliberate attempt to normalise safe adoption
through shared environments and reusable patterns. The
UK-DeepMind partnership illustrates a different mode of
scaling: capability via frontier-model compacts, paired
with the evolution of the Al safety institute network into
an evaluation and measurement network.

The recent US pre-emption order and procurement
“bias test” requirements show that Al governance can
also become a vehicle for centralisation. Singapore’s
Government Al Blueprint and MAS consultation show how
a high-discipline state can combine whole-of-government
capability building with sectoral risk supervision.

For Aotearoa New Zealand, the key takeaway is structural:
the next stage of adoption is not simply “more pilots,” but
will likely be the creation of governance infrastructure—
registers, standards, audit capacity, and citizen-facing
digital public infrastructure on which Al will sit. The Govt.
nz app roadmap signals that Aotearoa New Zealand is
already moving toward the infrastructure-first path: Al
will increasingly mediate citizen-state interaction through
shared channels. That increases the premium on early design
choices about logging, disclosure, escalation, and redress.

9.3 Core synthesis: capability
disciplined by accountability

The report’s central synthesis is that Aotearoa New
Zealand’s best route is competitive national utility
disciplined by conservative governing considerations,
with DEI functioning as a constraint, and Treaty obligations
as standing constraints. The objective is not to slow Al
adoption for its own sake, but to ensure that high-benefit
uses scale while rights-affecting uses remain bounded,
contestable, and institutionally responsible.

Two practical claims follow:

The near-term benefit is real and large, especially
in internal operations and case processing. OECD
describes the mechanism clearly—automation of
complex but repetitive processes, freeing skilled civil
servants for higher level work, and improving reliability.
This can and should be pursued.

The sustainability of that benefit depends on
governance infrastructure: public-sector Al registers,
autonomy tiers, continuous assurance, audit rights,
internal capability, and redress. Without these, scaling
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will trigger legitimacy failures and political backlash
that freeze adoption.

9.4 Future directions

This report also identifies areas where further work is
needed.

Aotearoa New Zealand portfolio visibility.
Establishing a public-sector Al register and maintaining
itas a living governance instrument should be a near-
term priority. Canada provides a working comparator
for scale and structure.

Capability for oversight institutions. Ombudsman,
Office of the Auditor-General, courts, and privacy/
human-rights bodies need technical support to
scrutinise Al systems at scale. Al should strengthen
oversight capacity, not bypass it.

Autonomy thresholds and agentic Al. Governments
are now shifting from “what GenAl can write” to “what
Al agents can do.” Aotearoa New Zealand should pre-
define autonomy tiers and domain constraints before
agentic tools become normal.

Treaty-consistent data governance. Maori data as
taonga must be treated as an operational governance
rule, not a statement of values. This includes
governance of data sharing, training corpora, and
use cases in Treaty-sensitive domains.

Measurement and evaluation. The trend toward
international evaluation and measurement networks
should be watched and joined where appropriate.
Evaluation standards will increasingly shape
procurement, interoperability, and risk governance.

9.5 Closing statement

Alis already part of government. The question is whether
it will remain a tool that strengthens the state’s capacity
while preserving accountable, lawful rule—or whether
it will become a pathway for opaque centralisation,
the incremental erosion of human responsibility, and
algorithmic government that inexorably moves towards
a post-democratic society when Al makes choices as to
how society should best be served. The competitive-utility
case for adoption is strong, particularly in administrative
workflows; but the conservative case for enforceable
guardrails is equally strong if adoption is to endure in a
beneficial manner.
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In Aotearoa New Zealand, those commitments must
be nested within Treaty obligations and te ao Maori as
constitutional context. The task ahead is therefore not
to choose between capability and legitimacy, but to
institutionalise capability in a way that remains recognisably
legitimate.
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